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An Incrementa Approach to Learning Bayesan Networks
Containing Hidden Variables
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2. Schoo o Science, Hebd Polytechnic University , Tangshan, Hebei 063000, China)

Abdract: Anincrementa gpproach to lear ning Bayedan networks based on genetic dgorithm ,namely ILBN ,is put forward in
this paper. ILBN introduces the BM dgorithm and genetic dgorithm into the incrementa process of Bayedan network lear ning ,cacu-
lates the expectetion of the auficient datigics with inconplete data usng BM dgoprithm and evolves network gructures usng genetic
adgorithm that coud awoid getting into locad maxima to ome extent. Furthernore ,by defining a new mutation operator and extending
the traditiond crosover operator ,ILBN could incrementally lear n and evolve Bayesan networks containing hidden variables. Fndly ,
ILBN irmproves the incrementd process by Fiedman et a . The experimentd results sow that ,in termsdf dorage cog |, ILBN is compar
rable with the method by Fiedman e d ,while under the same experimental conditions, ILBN could lear n nore accurate networks than
thet of Friedman et d. The experimenta resuts d verify the vadidty of ILBN in presence of inconplete data and hidden variables.
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